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introduction

> Reactive force field approach applied in the ReaxFF package
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> The performance of the
two approaches Is
evaluated by application on

the same test set
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Energy, charge and geometry reproduction of DFT results by two methods and three approaches

IS a promising molecular dynamics (MD) method for modeling
and simulation of chemical reactions at medium to large scales

> |In LIFePO, based batteries lithium ferrophosphate Is used as
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the cathode, while graphite Is often used as the anode.
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> parameters for ReaxFF I\/I_FD‘fgr systems involving 59,
Fe/PICIO/H atoms{) are obtaisades
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> Structures better reproduced by MD

> Solutions?

>> possible different weights in previous steps (Reax initial FF)

>> better electronic model of MLP, but structure optimizer worse

>> |ong-distance (electronic contributions) not modeled well In

MD, local bonding missing in MLP

>> training set mostly equilibrium! — MD has physical model of

energy shape, MLP only infers it from data

>> suspicious DFT data (no optimization
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